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Abstract

This study examines convergence in aggregate labor productivity levels, using
data on the 67 provinces of Turkey over the period 1975-1990. Markov chains, a
nonparametric approach, are applied to characterize the long run tendency of labor
productivity. Evidence shows polarization: the observation that the majority of
provinces tend to move towards low productivity level, while few move toward
high productivity level. These two groups form convergence clubs around the
upper and lower tails of the distribution. Furthermore, nonparametric regression
results, in conformity with the results obtained from the Markov chain model,
reveal a persistent spatial pattern in labor productivity: a pattern of high
productivity, which has lasted for the period 1975-1990, around three highly
industrialized provinces.



1. Introduction

Convergence in per capita income towards a steady state growth path across
countries or regions has been extensively studied especially within the past decade
(see Baumol, 1986; De Long, 1988; Barro, 1991; Barro and Sala-i-Martin, 1991,
1992; Mankiw, Romer, and Weil, 1992; Temple, 1999). The key question in these
studies is whether poor economies will eventually catch up to rich ones in terms
of both income levels and income growth or not. The standard approach has been
to regress the average growth rate on the initial income level and on a number of
conditioning variables, using either time series and/or cross section data. A
significant and negative coefficient for the initia income level is interpreted as
evidence for convergence, verifying the prediction of the neoclassical growth
model.

This standard approach was also adopted by Tansel and Gungor (1997) and
Filiztekin (1997) to investigate, respectively, convergence in labor productivity
and in per capita income across the provinces of Turkey. The former examined
whether the less developed provinces were converging in labor productivity levels
and productivity growth rates toward the richer provinces or not. The study found
absolute convergence in productivity, with a convergence rate faster in the 1980-
1995 period of economic and financial liberalization than that in the 1975-1995
period. It also found a faster speed of convergence when differences in steady
states and human capital are taken into account. Filiztekin used the data set that
belongs to the same time period (1975-1990) as in the work of Tansel and
Gingor, and found divergence in per capita income among the provinces of
Turkey. The only difference between the two studies is that the latter utilized per
capita income rather than labor productivity (i.e. income per labor force) as is the
case in the former study. What this contradictory result actually implies is a
negative relationship between population and labor force. In light of migration
from rural to urban areas and clustering around three industrial provinces
(Istanbul-1zmit, 1zmir, and Adana), this negative relation seems to be a reasonable
inference.

The current study is the first attempt of its kind. It applies Markov chains to
examine convergence, while at the same time carrying out a nonparametric
regression to detect spatial patterns in labor productivity in Turkey. Using
province level labor productivity as units of observations, this study concentrates
on the period 1975-1990. The Markov model first derives time-invariant
distribution of provincial labor productivity, and further enables us to detect
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regularities that intra-distribution dynamics contain. The main advantage of this
model is that it alows us to examine how the top, say, 10 percent of the
distribution behaves relative to the bottom 10 percent. Such analysis is, needless
to say, not in the domain of parametric investigations of convergence, which
basically approximate the average behavior of the observations. The critical point
in thisregard is that this behavior will remain unchanged when the observations at
the top and bottom 10 percent interchange their places. Thisis the case where one
needs the Markov model to detect this cross-movement of observations in the top
and bottom parts of the distribution. In the context of the Markov model,
convergence is said to occur if long run forecasts of the movements approach zero
as the forecast horizon grows. (The reader is referred to Quah (1993a, 1993b,
1996¢, 1996d) for further discussion of the technicalities involved in the Markov
model.)

Markov chains provide useful representation of dynamic processes, however, they
have several shortcomings. First, and perhaps most important, they do not explain
why provinces experience changes in their labor productivity levels over time.
They simply describe the probabilities associated with transitions from one state
to another. Second, the procedure is cumbersome when more than one or two
additional variables are introduced into the analysis. Third, Markov chains have
limited capacity to deal with measurement error. With the exception of certain
models, simple Markov models assume that all observed changes are true
changes. But, when the variables of interest are survey responses, observed
changes will amost certainly contain some unreliability. Finaly, the time-
invariant probabilities depend on an a priori grouping or dratification of the
observations.

Evidence in this paper supports polarization of provinces: some provinces tend to
have high, while some have low productivity. These two groups form
convergence clubs around the upper and lower tails of the time invariant (ergodic)
distribution. That is, initially low (high) productivity provinces are more likely to
have low (high) level of productivity in the longer term, as well. Central to this
finding is the presence of a persistent spatial pattern in productivity, indicating
concentration around three highly industrialized provinces. Although they are not
completely comparable with respect to techniques employed, the results of the
current study agree with those of Filiztekin (1997), while contradict with those of
Tansel and Gungor (1997).



The rest of the paper is organized as follows. In Section 2, the Markov chain
model is introduced and the conditions for the existence and uniqueness of time-
invariant distribution are laid down. Also introduced in this section is a
nonparametric regression method applied to detect spatial patterns in labor
productivity. Section 3 describes the data set and the variables. Empirical results
are discussed in Section 4, and finally, concluding remarks are made in Section 5.

2. Empirical M ethodology

The Markov chain model, employed in various contexts by Stokey, Lucas and
Prescott (1989) and Quah (1993, 1996) among others, is applied to trace
movements within a distribution. In our context, this model is used to obtain
information on four characteristics of a dynamically evolving distribution of
provincia labor productivity levels. externa shapes, intra-distribution dynamics,
long-run behavior and the speed of convergence.

Let F; denote the distribution of the odds between individual provincial
productivity level and Turkey’s average labor productivity, and assume that this
distribution evolves as

Fui=PF

where P is the (n*n) transition probabilities matrix. The above first-order equation
describes the evolution of F; by mapping F;ino Fr:1. An €lement p;; of P represents
the probability that a province in classi in period t will bein classj in period t+1.
Using the minimum variance criterion of Cochran (1966), the distribution F; is
somewhat arbitrarily partitioned into n intervals. According to this criterion,
within-class or interval variance is minimized on the basis of labor productivity
levels.

There are two important assumptions involved this first-order equationl.3 First, we
assume that it is a first order process. Specifically, the probability that a province
will bein a particular class in period t+1 depends only on the province's classin
period t and not on its class in the previous periods. In our context, this
assumption is reasonable because we only have three periods to analyze. Second,
we assume that the transition probability matrix is stationary. Then, the s-step
ahead distribution is given by,

® Testing procedures for these assumptions are discussed in the Appendix in detail.
3

Fis= ( P')S Fe.

The time-invariant distribution of provincial productivity could be found when
S— oo, Stationarity implies that the probability that a provincein classi in period t
will be in class j in period t+1 is constant over time. A maximum likelihood
estimate of this probability is given by,

T-1

Py = U(T-1) H (Nj/N)

t=1

where Nitj is the number of provinces moving from classi to j in period t; Nit is

the total number of provinces in class i during period t; and T is the number of
time periods.

2.1. Existence and Uniqueness of a Time-Invariant Distribution

If the elements pi’j1 of the stationary transition matrices converge to some value as

n - o, then we conclude that there exists a time-invariant probability that the
process will bein classj after alarge number of transitions, and this distribution is
independent of the initial class. Below we provide definitions referred to in the
derivation of a time-invariant distribution, and state the theorem, adopted from
Ross (1985, p.132-187), which guarantees its existence and uniqueness (see
Debreu and Herstein (1953) for the properties of P, and Feller (1950) for further
details about the Markov chains).

Definition 1. Class| is said to be accessible from classi if pi’j1 >0 for somen=0.

Definition 2. Two classes i and j that are accessible to each other are said to
communicate.

Definition 3. For any classi we let f; denote the probability that, starting in classi,
the process will ever reenter classi. Classi is said to be recurrent if f; = 1, and

transient if f; < 1. Class i is recurrent if Z:_lp{j‘ =00 and transient if

® . n
N <00
Zzl Pij <2



Definition 4. A Markov chain is said to be irreducible if there is only one
grouping of classes (that is, if all classes communicate with each other).

Theorem. For an irreducible ergodic Markov chain limy_ pi’j‘ exists and is
independent of i. Furthermore, letting 5 = lim,_ pi’j‘ , ] 20, then 13 is the unique

non-negative solution of T4 = X%, T p;j, j = 0 and %o 15 = 1.

Intuitively speaking, this theorem says that if a Markov chain process is described
by a constant transition matrix P, and if the process is allowed to work for a long
period of time, then a time-invariant distribution will eventually be reached.
Namely, after a long period of time, the proportions in the various categories
would be approximately constant and would not depend upon the proportions that
were in these categories at an initia time period. Since N provinces are
investigated at every period we might expect that (N*1g5) provinces would be in
classi after a very long period of time. This does not mean that we should expect
(N*T15) provinces to “settle down” in classi, but rather that, after along period of
time, (N*1g) provinces can be expected to be in class i, and in another analysis
after some more time, the same number (N*15) of provinces, which are most
probably not all the same ones, can also be expected to bein classi.

2. 2. Nonparametric Regression for Spatial Analysisof Productivity

A nonparametric regression method is applied to detect spatial patterns in labor
productivity, employing geographical information. The data on longitude (Z;;) and
latitude (Zy) of provinces are used as explanatory variables Zi=(Z;;,Z5) and
provincial labor productivity (Y;) as dependent variable. For a finite sample
{VY,,Z}"-, of size n, a NadarayaWatson estimate for E(y/2) is calculated as a
weighted average of y,

Yig(2) = z YiRe(z.7),
1=1

for

Po(z.z)) =¢((z —z)/6)/LIJi9(z) if W,,(2)>0andO0 otherwise
where

Wig(2) = Zlﬂ((zi -2)/6).

The weighting function Pg(z, z) will sumto 1 for all z. The density function (€

:0) hasitsmode at € =0 (i.e, if z = z for al i) and is such that for O (the window
Size) going to zero its support goes to zero. The heavier weights are given to the
observations with the z closest to z. The postulated form of the probability function

P(z z) determines the shape of the regression function, y;,(2).

The intuition behind this nonparametric regression is that the observations, the
yi's, with the z closest to z, contain more information on E(y/z) than observations
far away from z. The Moallifier function, ¢((z; — 2)/0) , is assumed to be normal,

N~(z 6), where 6 is apositive scalar bandwidth number or smoothing parameter
that determines the weights to be assigned to observations in the neighborhood of
z. The choice of smoothing parameter, 6, plays an important role in
nonparametric regression estimations, because it affects the magnitude of the
weights (h) assigned to observations in the neighborhood of z. For example, if his

too large, the observations far from z will have a large impact on y,,(2).

Although it is common practice to assume an exogenous smoothing parameter, it
is important that this parameter depends on the data with a view to reflecting
sample size and scale of measurement. We determine the optimal smoothing
parameter using least squares cross-validation techniques to determine the optimal
bandwidth that gives the best fit of the non-parametrically estimated regression
curve to the actual data (see Silverman (1986), Nadaraya (1989), Hardle (1990),
and Keyzer and Sonneveld (1997) for further reading and an application of this
method).

3. Dataand Variables

The aggregate labor productivity which is the Gross Provincial Product (GPP) per
worker, for the 5-year sub-periods between 1975-1990 is used in implementing
the methodology of Section 2. The GPPs for the 67 provinces are taken from
Oz6tiin (1980; 1988) for the years 1975 and 1985 and from the State Institute of
Statistics (SIS) (1995) for the year 1990. The two series from these sources are
comparable except for the inclusion of new sectors in the more recent SIS series.
The data on the employed population (workers) are taken from SIS (1990). There
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were 73 provinces in 1990 and 67 provinces in the previous years. To maintain
comparability, GPPs and the number of workers in 1990 were both reduced to 67
provinces by adding the figures for the new provinces to those for their former
provinces.

4. Empirical Findings
4.1. Markov Chains

The variable of interest F, is the odds ratio of provincial labor productivity to
Turkey’s average productivity. To make the variable F1975 discrete, as required by
the Markov analysis, we adopt an empirical procedure due to the lack of sound
theoretical methods. Our procedure is as follows. First, the variable Figss is
calculated for the initial year 1975, and then sorted in an ascending order. Next,
we divide Fig75 into intervals in such a way that each interval has minimum
variance (see Cochran (1966) for a detailed exposition of data stratification based
on variance minimization). The jump points in the sorted Fig;5 are simply
accepted as cut off points for intervals. This procedure serves the purpose of our
analysis concerned with how much Fig75 has changed over the period 1980-1990
(see Figure 1). The minimum variance criterion suggests 6 arbitrary intervals: C, =
[0, 0.60], C,=[0.61, 0.79], C;=[0.80, 0.99], C,=[1.0, 1.19], C5=[1.20, 1.39],
and Cs=[1.40, ).

The average of P, over time periods 1975-1980, 1980-1985, and 1985-1990 is
used as an estimate of P = (Z; P, / 3). The elements of the stochastic kernel P
(givenin Table 1) are interpreted as follows. The second row indicates that, out of
268 provinces, 45 of them fall into class 2. Of those 31 percent moved from class
2 to class 1; 46 percent remained in class 2; 19 percent moved to class 3; and the
remaining 4 percent moved to class 4. Furthermore, we observe that those
provinces in classes 1 and 6 have high persistence, that is, they tend to remain in
the same class as indicated by their respective probabilities of doing so, 0.89 and
0.87. Those provinces in classes 2, 3, and 4 are more likely to move to a lower
class while the provinces in class 5 are more likely to move to class 6 as off-
diagonal elements indicate. The picture that emerges is one where provinces tend
towards either very low or very high productivity classes with thinning of the
middle classes.

The two-period-ahead transition probabilities matrix (Table 1) is used to predict
the behavior of provincial productivity levels for the year 2000. The predictions
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indicate high persistence in classes 1 and 6 and low persistence among the middle
classes. Assuming that the same economic structure holds in the future asin 1975-
1990, the results suggest an increasing disparity in provincial productivity levels.
Table 1 presents the implied time-invariant (ergodic) distribution"’-’I of provincial
productivity levels (see Figure 2), which is the unique solution to the system of
equations in Theorem. Everything else constant, time-invariant probabilities
indicate that, in the long-run, the probability of a province staying in classes 1 and
2 is 47 percent in and class 6 is 22 percent. The asymptotic behavior of provincial
productivity levels imply polarization whereby some of the provinces tend to get
poor while othersgltend to get rich. These two groups of provinces form
convergence clubs.” Furthermore, note that twice as large probability mass is
concentrated in classes 1 and 2 compared to class 6. The vanishing middle classes
imply that, in the long run, the majority of provinces have a tendency to move
away from Turkey's average productivity level suggesting polarization and
divergence. Therefore, productivity levels are not expected to equalize in the long-
run.

“ Speed of convergence is the second largest eigenvalue of the kernel P. In our case it
is 0.92 which is very high. This is the asymptotic rate at which time-invariant
distribution is reached. The speed in our context has no relation to the speed implied
by the regression analysis. We also calculated two measures of mobility p; and p; as
follows:

W (P) = (n-tr (P))/(n-1)=052 and 5 (P) = 1- |A| = 0.08

The lower is W, the more persistence there is in the kernel P. The index s is an
asymptotic mobility index that takes on high values when P is highly persistent (Quah,
1996).

® In the 1975 classification, the following were the provinces starting the process in
class 6: Adana, Eskisehir, Bursa, Ankara, Icel, 1zmir, Zonguldak, Kocagli, Istanbul. In
1990, Tekirdag, Bilecik, Kirklareli were added to this list while Zonguldak exited
class 6. Similarly, the following were the provincesin classes 1 and 2 in 1975: Bingdl,
Agri, Hakkari, Adiyaman, Ordu, Gumushane, Kars, Sinop, Van, Bitlis, Yozgat,
Erzurum, Tokat, Cankiri, Tunceli, Kastamonu, Mardin, Mus, Giresun and Erzincan. In
1990, Afyon, Sivas, Trabzon, Nigde, Isparta and Sanli Urfa were added to this list
while Adiyaman exited to class 4 and Corum exited to class 3.



4.2. Spatial Patternin Labor Productivity

To detect possible spatial patterns in labor productivity, we estimate productivity
(y) as a function of latitude (z;) and longitude (), applying a nonparametric
regression technique. The intuition behind such a regression is that labor is
expected to be more productive if it operates in an enabling environment, one that
has enough physical capital, public infrastructure and regulatory institutions.
Needless to say, such an environment should aso attract labor from less
developed provinces. Turkey has few provinces relatively well endowed with
infrastructure and institutions. In addition, because of socio-economic problems
which gained momentum during the last decade, emigration from East and
Southeast of Turkey towards Adana, Istanbul, and Izmir speeded up, and hence
further contributed to the clustering of population around these provinces.

In order to present clearly the nonparametric regression results, we have utilized
three-dimensional graphics. Figures 3 and 4 contain condensed information on the
developments in three subsequent years. Consider Figure 3. This figure has four
components to explain in detail (asis aso the case in Figure 4): two legends (one
at the bottom-left corner, the other at the top-right corner), one shaded plain, and
one shaded three-dimensional surface. The legend at the bottom-left represents the
odds values for 1975; the shading in this legend should be interpreted together
with the shading on the plain. For example, the darkest shade on this legend (the
corresponding odds value is 1.9) shows that the area surrounding Istanbul has the
highest odds value in 1975. The second legend on the top-right corner is
associated with the shading of the three-dimensional surface, and has the same
meaning as that of the bottom-left legend. The second legend shows that the area
surrounding Istanbul had the highest odds values in 1980 as well. The third
component is the shaded plain including the map of Turkey, with which one can
easily locate a province once its longitude and latitude are known. The fourth
component is the three dimensional surface, the shape of which correspondsto the
odds values of the year 1985.

In light of the above description of the four components, Figure 3 summarizes the
movements in labor productivity over the period 1975-1985. The shape of the
surface indicates that in 1985 three peaks appeared: one around Adana (the lowest
peak), one around |zmir (the middle peak), and one around Istanbul (the highest
peak of al). The shading of this surface tells us that in 1980 the Istanbul region
included the provinces with the highest productivity. A similar pattern is aso
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present in 1985, suggested by similar shading patterns on the plain and surface.
Figure 4 shows that similar developments took place during 1980-1990 as well,
with much stronger concentration around the Istanbul region and the [zmir region.

As shown in Figures 3 and 4, the regression results are in conformity with the
results obtained from the Markov chain model. The Markov model predicts a
polarization of provinces in the long-run, while the regression results show that
this predicted polarization has aready started in 1975 and got stronger in 1990.
All in al, a persistent spatial pattern exists in labor productivity over the period
1975-1990.

5. Policy Implications and Conclusions

This study applies the Markov chain model to the provincial productivity levels
across 67 provinces of Turkey during 1975-1990. This model is used (i) to project
the probability distribution of productivity levels into the year 2000 and (ii) to
determine the time-invariant distribution and the asymptotic speed of convergence
to this distribution.

Assuming that the economic relations over the period 1975-1990 are to prevail in
the long-run, the calculated time-invariant distribution suggests polarization where
the magjority of the provinces move away from Turkey's average with
accumulations in both low and high tails of the distribution. This observation is
also evident in the projections for the year 2000, but especially so over the long
horizon. The grouping of the provinces points to several institutional,
technological and socio-economic impediments at work. First of all, although
there is substantial labor mobility across the provinces, there are till large
differencesin their accumulated human capital because high-income provinces are
able to attract highly educated and skilled workers. Such industrialized provinces
are placed in the upper tail of the distribution. However, a recently passed law
which extends the compulsory education to 8 years is a welcome step in the
direction of a uniform distribution of skilled and educated labor across Turkey in
the future. Regarding capital mobility, it is well known that capital is very
reluctant to move to eastern Turkey, in spite of the generous incentives given by
the government. As a result, factor intensities differ between the western,
industrialized provinces and the eastern, agricultural provinces. There are also
institutional impediments in the financial and other sectors which restrict the
diffusion of new technologies. The lack of proper infrastructure and its unequal
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distribution adversely affect both labor and capital productivity in the eastern
provinces most of which are placed in the lower tail of the distribution.

The nonparametric regression results show that the polarization predicted by the
Markov model was already present in 1975 but persisted and got stronger during
the period 1980-1990. These results further suggest a persistent spatial pattern in
labor productivity, in which three major industrialized provinces are the centers of
high labor productivity.

A common observation is that a developing country typically has few
industrialized provinces which naturally become the centers around which
population is clustered. Because urban centers are favored in the allocation of
resources, they become the areas of high concentration of investment in public
infrastructure and public services. This concentration creates an enabling
environment for labor in these centers, and enhances its productivity. By carrying
out a spatial analysis, we aimed to show that such concentration prevails in
Turkey. Our spatial analysis suggests that high labor productivity has a public
goods feature, meaning that low productivity provinces which are physically close
to high productivity provinces sowly benefit from this geographical proximity. A
natural extension of this positive externality in our context is that polarization is
unavoidable in the early stages of development. But for development to continue
at later stages, policies that mitigate polarization or inequality across provinces
should be designed and implemented. In view of this contiguousness of labor
productivity, investment in human resources is essential to reduce the existing
polarization. Interesting in this respect is the recent realization, which is proven by
increasing interaction between private enterprises and universities in Turkey, by
private sector that investment in human resources is the most effective way to
improve efficiency of labor.

The challenge for future studies is to determine the sectoral sources of the
polarization in the aggregate labor productivity level found in this study.

11

REFERENCES

Barro, RJ. (1991). "Economic Growth in a Cross-Section of Countries."
Quarterly Journal of Economics, 106(2): 407-443.

Barro, R.J., and X. Sala-i-Martin. (1991). Convergence Across Sates and Region.
(Brookings Papers on Economic Activity, No.1, 107-182).

Barro, R.J,, and X. Saai-Martin. (1992). "Convergence." Journal of Political
Economy, 100(2):223-251.

Baumol, W. J. (1986). "Productivity Growth, Convergence and welfare: What the
Long Run Data Show?' American Economic Review, LXXVI:1072-
1085.

Cochran, W. (1966). Sampling Techniques. New Y ork: John Wiley & Sons. Inc.
(2™ edition).

Debreu, G., and Herstein, I. N. (1953). "Non-negative Square Matrices."
Econometrica, 597-607.

De Long, J. B. (1988). "Productivity Growth, Convergence and Welfare:
Comment." American Economic Review, 78:1138-1154.

Feller, W. (1950). An Introduction to Probability Theory and its Applications
(Vol.1). New York: John Wiley & Sons (3" edition).

Filiztekin, A. (1997). Turkiye de iller arasinda yakinsama (Convergence among
the Provinces of Turkey). (Koc University Working Paper Series - 1997-
15). Ankara: Koc University.

Hardle, W. (1990). Applied Nonparametric Regression. New York: Cambridge
University Press.

Goodman, A. L., and Anderson, W. T. (1957). "Statistica Inference about
Markov Chains." The Annals of Mathematical Statistics, XXV 111:89-110.

Goodman, A. L. (1962). "Statistical Methods for Analyzing Processes of Change."
The American Journal of Sociology, 57-78.

Keyzer, A. M., & Sonneveld, B. G. J. S. (1997). "Using the Mollifier Method to
Characterize Data Sets and Models: The Case of the Universal Soil Loss
Equation." International Journal of Aerospace Survey and Earth
Sciences, 263-272.

Mankiw, N., Romer, D., and Weil, D. N. (1992). "A Contribution to the Empirics
of Economic Growth." Quarterly Journal of Economics, 107:407-437.

Nadaraya, E. A. (1989). Nonparametric Estimation of Probability Densities and
Regression Curves. Trandated from Russian by S. Klotz. Kluwer,
Amsterdam.

Ozétin, E. (1980). Iller itibariyle Tirkiye gayri safi yurtici hasilasi-kaynak ve
yontemler 1975-1978 (Provincial Distribution of the Gross Domestic

12



Product of Turkey - Sources and Methods 1975-1978), (Publication
N0.907). Ankara: State Institute of Statistics.

Ozoétun, E. (1988). Tirkiye gayri safi yurtici hasilasinin iller itibariyle dagilimi
1979-1986, (Provincia Distribution of the Gross Domestic Product of
Turkey 1979-1986), (Publication N0.1988/8). Istanbul: Istanbul Chamber
of Industry Research Department.

Quah, D. (19934). "Empirical Cross-Section Dynamics in Economic Growth."
European Economic Review, 37(2-3): 426-34.

Quah, T. D. (1993b). "Gadton's Fallacy and Tests of the Convergence
Hypothesis." Scandinavian Journal of Economics 95:427-443.

Quah, D. (1996a). "Aggregate and Regional Disaggregate Fluctuations."
Empirical Economics, 21: 137-59.

Quah, D. (1996b). Convergence Empirics Across Economies with (some) Capital
Mobility." Journal of Economic Growth, 1: 95-124.

Quah, T. D. (1996c). "Empirics for Economic Growth and Convergence."
European Economic Review 40: 1353-1375.

Ross, M.S. (1985). Introduction to Probability Models. New York: Academic
Press.

Silverman, B. W. (1986). Dendity Estimation for Satistics and Data Analysis. New
Y ork: Chapman and Hall.

State Ingtitute of Statistics (SIS) (1995). Data Diskettes for Provincial Gross
Domestic Product. Ankara: SIS.

State Ingtitute of Statistics (SIS) (1990 and various census years). Census of
Population, Social and Economic Characteristics of Population.
Publication N0.1369 and others. Ankara: SIS.

Stokey, N. L. and Lucas, R. E. (with E. C. Prescott). (1989). Recursive Methodsin
Economic Dynamics. Cambridge, MA: Harvard University Press.

Tansel, A. & N. D. Gungér (1997). Income and Growth Convergence: An
Application to the Provinces of Turkey. Paper presented at The First
Annual ERC/METU Conference on Economics. September 18-20,
Middle East Technical University (METU), Ankara.

Temple, J. (1999). The New Growth Evidence. Journal of Economic Literature,

XXXVI11(1):112-156

13

Labor Productivity (real)

Limiting Probabilities

Figure 1. Deviations from the 1975 labor productivity
level
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Table 1. Transition ProbabilitiesMatrix (P)

Class 1 2 3 4 5 6 N
1 0.89 |0.08 0.02 |0.02 0 0 63
2 031 | 046 019 |0.04 0 0 45
3 0.02 |0.29 047 |0.14 0.07 0.02 |55
4 0 0 023 |05 0.17 006 |51
5 0 0 011 |031 0.19 039 |15
6 0 0 0.03 | 0.06 0.04 087 |39
N 63 45 55 51 15 39 268
Ergodic | 0.35 | 0.12 0.13 | 0.13 0.05 0.22
Distrib.
Eigen- | 018 | 0.51 1 0.73 0.92 0.07
value

Two-Period Ahead Transition Probabilities Matrix (P?)
Class 1 2 3 4 5 6
1 082 011 0.04 0.03 0 0
2 043 0.28 019 0.07 002 0.01
3 012 027 032 017 006 0.06
4 0 0.07 025 038 014 0.16
5 0 0.03 016 0.26 011 044
6 0 0.01 006 0.1 005 0.78
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Appendix

In this Appendix we first explain how to test for the two assumptions of a Markov
chain: time-stationarity of the transition probability matrices and the first-order
Markov property (see Goodman and Anderson (1957) and Goodman (1962) for a
detailed discussion of the test procedures applied in the present paper). Then a
theoretical framework is provided for the existence of atime-invariant distribution
to which the process converges.

For illustrative purposes, the following contingency table will be referred to
throughout the Appendix:

Classes 1t) 2(t) Total
_ -9 ny onp om
2At-) ny np M

Total n} n, n

A

wheret=0,1,2,3 and i=j=1,2. Using Ay, A,, and A, and the definitions given in the
text we construct atable with (T*m) (or 3 by 2) dimensions:
t/j j=1 j=2
_t=1 P B
t=2 ph B
T=3 P B

Assumption 1. Thetransition probabilities are constant over time.

Here the null hypothesis is Hy: pitj = f)ij for all t, and an aternative to this
assumption is that the transition probability depends on t, H,: pj = fj where

Ont O
P = %ﬁ% is the estimate of the transition probability for time t. Under these
i
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hypotheses, the likelihood ratio is of the form, A =T1 I'IIZ-IpiD , Where I'I n p,J'J

ti, jEﬂpU E% t=1i,j
T t
hold under Hy and I‘Il_l'l_(ﬁfj)n” holds under H;. And —2logA is distributed as
t=1i,j

X(ZT—l)[m(m—l)] when Hy is true. It should be noted that the likelihood ratio

resembles likelihood ratios obtained for standard tests of homogeneity in
contingency table A. The null hypothesis states that the random variables
represented by the T rows in Z; have the same distribution. In order to test it, we

calculate )(i2=Znit_l(f)itj ~Pj)?/By. If Ho is true, X? has the limiting
]
distribution with (m-1)(T-1) degrees of freedom, and the set of )(iz’s is
asymptotically independent, and the sum
2

2 2 t-1,at a2 P A . .
X =) X = n (P — Py)°/ Py hasthe usua limiting distribution with

(T-1)[m(m-1)] degrees of freedom.

' d“
Another way of testing the same hypothesis is to calculate A; =M E— p for

LI E
i=1,2 by using Z. The asymptotic distribution of —2log4; is )(i2 with (m-1)(T-1)
degrees of freedom. The test criterion based on A can then be written as

m
Z -2logA; =-2logA .

Assumption 2. The Markov chain is of a given order.

Intuitively speaking, this assumption states that the location of a province at time
(t+1) isindependent of itslocation at time t. A Markov chain is second-order if a

province isin classi at time (t-2), inj at time (t-1), and in k at time t. Let pit]-k
denote the probability that a province follows a second-order chain. Time
stationarity then implies pIJk pji for al t=2,...,T. A first-order stationary chain
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is a special case of second-order chain, one for which pitjk does not depend on i.

Now let nit]-k be the number of provincesinclassi at (t-2), in classj at (t-1), and in

;
class k a t. Let nj™*'= anjk and ny = Z ix - The maximum likelihood
t=

estimate of py, for stationary chainsis

H E HT H
N D M O
Pijk = D D —15
DZ il D D O
=1 0
The null hypothesis in this case is Hg: P1,k Pojk == Pk = Pjk for j, k =

1,...m. Thelikelihood ratio test criterion is

e
. Nik
Lo o Dby ke _0 Z ; O

E)—D Wherep D—DTl U
Lik=1EP K B 0 O« ;O
S i

=1 I=1 t=1

is the maximum likelihood estimate of p;, . Under the null hypothesis, —2logA

has an asymptotic- Xr2r1(m—1)2 distribution where x? = Z g (B = Py)?/ Py and
I,

T T T-1
n = Z Mijk = Z Z Mk = Z nitj_l = Z n; with (m-1)* degrees of freedom. The
t= t= t=1
m Op. 0"
corresponding test using the likelihood ratiois A; = Dlglé .The
i o K

asymptotic distribution of —2logA; is chi-square with (m-1)? degrees of freedom.
To test thejoint hypothesisHo: py = pj for al i,j,k=1,2,...,m, we calculate
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m
X2 = ZXJZ = anij (ﬁijk - f’jk)zl ﬁjk
J= 1.l
which has the usual limiting distribution with m(m-1)?. Similarly, the joint test

m
I= i1,
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